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1. Introduction
Concern over water and pollutants influencing human health has been increasing in the last
few decades. Nonpoint source (NPS) pollution, especially, led to water quality degradation in
watersheds; therefore, water quality in streams or rivers has been made subject to government
regulations (e.g., the Clean Water Act). Typically, watersheds are composed of various land
uses; agricultural areas were a possible major source of phosphorus in a watershed [1,2].
Approximately 50% of NPS is from agricultural areas, since 52% of total nitrogen, 47% of total
phosphorus, and 46% of sediment in U.S. streams are from agricultural areas [3]. A high
concentration of total nitrogen came from agricultural areas in the watershed, and fertilization
during cropping in an agricultural area led to a high concentration of high nitrate and
orthophosphate [4,5]. Pollutants from three watersheds were compared [5]: agricultural
watershed (95% agriculture and 5% urban), mixed watershed (43% agriculture and 57%
urban), and urban watershed (1% agriculture and 99% urban) (Figure 1). Nitrate and soluble
phosphorus concentrations in a stream were higher in the agricultural watershed, the other
nutrients’ concentrations (total suspended solids, turbidity, and pH) were higher in the urban
watershed [5]. In addition, total phosphorus and ammonium concentrations did not display
much difference by watershed types. They indicated that agricultural activity such as fertili‐
zation led to the higher nitrate and soluble phosphorus concentrations in the agricultural
watershed; that the pollutant loads of nutrients and sediment were significantly variable by
sites and land uses due to flow quantity; and that pollutant load quantification can be difficult
since it varies by sites, land uses, season, and flow. Therefore, best management practices
(BMPs) to reduce or manage pollutant loads in watershed have been studied in the last few
decades [6–9]. In this chapter, recent research of BMPs in agricultural areas in various water‐
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sheds, with various optimization techniques and hydrologic models, were introduced to
provide the rationale via which the researchers estimated the impact of BMPs in agricultural
areas and to identify the processes by which the researchers optimized BMPs in watersheds.
Figure 1. Agricultural, mixed, and urban watersheds in the State of Kentucky (adapted from [5])
2. Best management practices and pollutant control in watersheds
2.1. Best management practices in watersheds
BMPs were originated for soil erosion control [10] and have recently been implemented to
control other NPS [11–14]. It can be readily found that BMPs were optimized using a hydrology
model with either a straightforward or a sophisticated approach [15–18]. According to the
study by Rao et al. [2], Variable Source Loading Function (VSLF) [19] was applied in a 164 ha
agricultural area to estimate BMPs for dissolved phosphorus and total phosphorus. VSLF
defines hydrologic response units (HRUs) by the soil wetness index and land uses; BMPs can
be applied by pollutant reduction coefficients (or ratio). Three BMPs (crop rotation, strip
cropping, and filter strip) for agricultural area were applied, and pollutant reduction coeffi‐
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cients were defined based on BMPs and soil wetness index. BMPs were implemented in the
middle of a model simulation period, therefore the VSLF model was calibrated through the
period prior to BMP implementation, and the pollutant reduction coefficients were calibrated
through the period subsequent to BMP implementation. The study pointed out that BMPs led
to decreases runoff losses.
A Soil and Water Assessment Tool (SWAT) [20] model was applied to a watershed of 50 km2,
and 55% of the watershed was an agricultural area [21]. The effect of four BMPs (crop rotation,
reducing nutrient application, reduction of livestock density, and buffer strip) were estimated
for annual total nitrogen, sediment, and total phosphorus. Annual total nitrogen reduction
ranged from 9.9% to 46.7%, however, the BMPs were not effective at reducing sediment and
total phosphorus due to the fact that annual sediment reduction by BMPs ranged from 0.82%
to 11.9% and that annual phosphorus reduction by BMPs ranged from 1.1% to 13.6% (Table
1). Since both BMP effectiveness and BMP implementation costs are important, BMP imple‐
mentation costs were analysed for the watershed based on establishment and maintenance
costs. In the study, it was concluded that 1) crop rotation was not applicable since the imple‐
mentation cost was extremely high, and 2) BMPs were not effective for annual sediment and
total phosphorus reduction, while BMPs were effective for annual total nitrogen reduction.
BMPs Total nitrogen Sediment Totalphosphorus
Crop rotation 9.9% 4.6%
Reducing nutrient application 8.6% 0.8% 1.1%
Reduction of livestock density 15.6% 3.5% 3.9%
Filter strip 12.9% 4.9% 5.3%
Combined BMPs 46.7% 11.9% 13.6%
Table 1. Nutrient reductions by BMPs
There are several rationales to focus on regarding BMP implementations in agricultural areas.
One is that the agricultural area is typically one of the major sources of NPS in a watershed.
There are several research studies indicating that the pollutant loads from agricultural areas
are more severe than those from urban areas in watersheds [5,22], since agricultural activities
increase pollutant concentrations (or loads) during the cropping season [5,23], and the exposed
soil surface has more soil erosion potential [24].
The other rationale to implement BMPs in an agricultural area is the cost. BMP implementation
costs can be estimated by the Equations 1 [25] or 2 [26], for instance, which require an estab‐
lishment cost (or capital cost). The costs for urban BMPs are typically more expensive than the
costs for agricultural BMPs (Table 2). Reference [18] estimated the impact of BMPs for a
watershed; the most cost-effective BMP was a filter strip for an agricultural area reducing 147.5
kg/year for $7,650, while the impact of a filter strip on urban areas was estimated to reduce 1
kg/year for $2,040. Therefore, the BMP implementation in agricultural area are typically more
cost-effective than in urban.
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Where ABMP is the annual cost for a BMP, Z is the capital cost ($) of a BMP, s is the interest rate
(%), td is the BMP design life, ct is the BMP implementation cost ($/ha), c0 is the establishment
cost (%/ha), and rm is the ratio of annual maintenance cost to establishment cost (i.e., the
percentage of establishment cost).
Land uses BMP C0 rm Reference
Cropland
Contour farming 15 1 [23]
Filter strip 21 10 [24]
Reduced tillage systems 7 1 [25]
Forest Site preparation/hydro mulch/seed/fertilizer 3707 1 [26]Site preparation/straw/crimp/net 35,481 1 [27]
Feedlots Filter strip 21 10 [24]
Urban
Alum treatment 1,112 0 [28]
Grass swales 1,730 5 [29]
Infiltration basin 7,413 3 [29]
Infiltration trench 22,239 5 [29]
Porous pavement 592,015 1 [30]
Sand filter 25,946 12 [29]
Vegetated filter strips 2,224 4 [29]
Weekly street sweeping 14,947 7 [30]
Wetland detention 6,178 2 [29]
Table 2. BMP costs for land uses [18]
2.2. Optimizations of best management practices
The previous sections introduced why BMP simulations were often applied in agricultural
areas and how BMP implementation costs could be estimated, since BMP implementations at
watershed are required to be cost-effective. In this section, several related research results are
reviewed and presented to introduce how BMPs were optimized to be cost-effective BMP
scenarios.
Gitau et al. [35] optimized three BMPs for an average annual loading reduction of dissolved
phosphorus of 60%: which were contour strip cropping, having a nutrient management plan,
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and riparian forest buffers. To demonstrate BMP optimization, a farm of 300 ha was selected:
which is located at the Town Brook watershed in New York State. Cropland and pasture areas
are 44% and 19% in the study area, BMP implementation was considered for cropland and
pasture areas. The BMP optimization process comprised four components. The first compo‐
nent was a SWAT model to simulate dissolved phosphorus and BMPs in the study area. BMPs
were assigned for each HRU, since the model divides a watershed into sub-watersheds and
HRUs defined by land use, hydrologic soil group, and slope. The second component was the
BMP tool [36]. The BMP tool has a database of BMP effectiveness data for 32 BMPs, which were
collected from published BMP monitoring studies. The BMP effectiveness database contains
particulate phosphorus, dissolved phosphorus, total phosphorus, nitrogen, sediment, and
runoff reduction by BMPs. The BMPs can be categorized into eight classes: animal waste
systems, barnyard runoff management, conservation tillage, contour strip crop, crop rotation,
vegetated filter strips, nutrient management plans, and riparian forest buffers. The third
component was computing annual BMP implementation costs considering capital cost,
interest rate, and BMP design life. Annual costs were $11/ha for contour strip cropping,
$27/ha for nutrient management plan, and $1,942/ha for riparian forest buffers. Contour strip
cropping was considered for cropland and pasture, a nutrient management plan for cropland
and pasture, and riparian forest buffers for all agricultural areas bordering a stream. The last
component was a genetic algorithm (GA). The study area was divided into 168 HRUs, and 149
HRUs which were croplands or pastures. The GA optimized the BMPs for the HRUs of
cropland and pasture based on the annual implementation costs.
Two solution scenarios to implement BMPs were established (Figure 2). Both scenarios were
able to reduce 60% of dissolved phosphorus at the cost of $1,430/year and $1,683/year,
respectively. One of the scenarios required slightly lower costs, since the scenario applied
BMPs to a smaller study area than the other scenario did. The authors mentioned that the BMP
optimization technique they used is applicable for other studies to optimize BMPs on the level
of average annual estimation. However, they also mentioned that their results were site-
specific; therefore, the method cannot be used directly if land uses or site characteristics are
different.
In the study of Maringanti et al. [37], two BMPs were optimized at Wildcat Creek Watershed
located in Indiana, for atrazine reduction. Atrazine is one of the herbicides used in corn
production and is used for broadleaf weed control. The watershed, the Wildcat Creek Water‐
shed, is comprised of 74% of agricultural area, 21% of pasture, and 3% of urban. The watershed
area is 1,956 km2; corn is cultivated in 743 km2 (38% of the entire watershed area), and soybeans
are cultivated in 704 km2 (36% of the entire watershed area). Atrazine led to water quality
problems in Indiana, since the high atrazine level has degraded water quality in many
watersheds. Therefore, the researchers studied BMP optimizations for atrazine reduction
where it is used as a pesticide. The BMP optimization process of the study was also composed
of four components. The first component was a SWAT model to estimate pesticide concentra‐
tion, and BMPs that were buffer strips and tillage practices. The watershed was divided into
109 sub-basins, and 403 HRUs were identified in the watershed. The second component was
BMP effectiveness (Table 3).
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BMPs Pesticide reduction Net cost increase
Buffer width Tillage practice % $/ha
0 m Conventional - -
0 m No-till 7.1 3
20 m Conventional 41.9 245
20 m No-till 41.4 242
27 m Conventional 45.7 327
27 m No-till 44.4 324
30 m Conventional 46.9 409
30 m No-till 45.4 406
Table 3. Pesticide reduction effectiveness and net costs
Figure 2. Optimized BMPs for the Cannonsville Reservoir watershed in New York State [35]
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Regarding BMP simulations and optimizations, the researchers made five assumptions. The
first assumption was that the BMP effectiveness in terms of HRU levels in the SWAT model is
identical to (or only marginally different from) the BMP effectiveness in watershed level. The
assumption was derived from the SWAT model characteristic that the model computes
hydrology at an HRU level and that the model is watershed scale model. The second assump‐
tion was that the effectiveness of BMPs does not vary temporally or seasonally. For instance,
the pollutant reduction by buffer strips might vary based on the growth (or height) of vege‐
tation in buffer strips; however, it was limited to considering the variance of BMPs. The third
assumption was that only atrazine pesticide was considered, since the SWAT model does not
allow consideration of multiple pesticides, whereas multiple pesticides may in fact be applied
in the fields. The fourth assumption was that stream routing processes can be disregarded.
The fifth assumption was that BMPs are watershed-specific.
The third component was implementation costs using Equation 2. The interest rate was 6.5%,
maintenance rates were 1% for buffer strips, and the design life for buffer strips was 10 years.
The fourth component was the multi-objective GA. The 403 HRUs were the variables to be
determined, satisfying the two objective functions of minimizing pollutant loading and net
cost increases.
Two solution scenarios to implement BMPs were found. Figure 3 (c) displays the base scenario
that does not contain any BMPs. The scenario shown in Figure 3 (a) required a net cost increase
of $97/ha, and the scenario shown as Figure 3 (b) required a net cost increase of $35/ha in the
study area. The study indicated that the BMP optimization by a multi-objective GA performed
well; however, the approach using a multi-objective GA may rule out some solutions, an
inherent drawback of the multi-objective GA.
Similar to the case study discussed above, Maringanti et al. [38] optimized BMPs in the Wildcat
Creek Watershed, Indiana State. An identical model to simulate pollutants and an identical
optimization technique to optimize BMP implementation plans were used, which were SWAT
and a multi-objective GA. However, BMP implementation plans were to reduce nitrogen,
phosphorus, sediment, and pesticide. Eight BMP combinations were prepared for 2 BMPs in
the previous study. [37]; however, 160 BMP combinations were prepared for a HRU with
multiple BMPs [38]. The 160 BMP combinations were developed from the conditions of five
filter strips, two contour farming, four residue managements, two parallel terraces, and two
tillage types (Table 4).
Distinct features were found in the study. The first feature was that contour farming without
a filter strip had a negative impact by increasing the total nitrogen and total phosphorus. The
second feature was that a filter strip with a parallel terrace was very effective for pollutant
reduction. Residue management did not provide pollutant reduction, and contour farming
was effective only for pesticide reduction. No-till was effective for pesticide reduction, but did
not reduce total phosphorus.
The researchers investigated four pollutants (nitrogen, phosphorus, sediment, and pesticide)
and cost; therefore, they were able to summarize their results in a spider plot spatially
representing different costs for BMPs in the watershed (Figure 4 and 5). The numbers in Figure
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5 are the number of BMP combinations: for instance, BMP combination number 1 was
comprised of ‘residue management of 1,000 kg/ha’ and ‘conservation till’, number 33 was
comprised of a ‘filter strip of 10 m’.
BMP BMP Type Cost Unit
Filter strips 0, 5, 10, 20, 30 12.2 $/ha/m
Contour farming Not present or present 16.8 $/ha
Residue management 1000, 3000, 5000, 7000 kg/ha 0.0 $/ha
Parallel terrace Not present or present 74.9 $/ha
Tillage Conservational, No-till 53.1 $/ha
Table 4. BMPs and BMP implementation costs [38]
Figure 3. Optimized BMPs for the Wildcat Creek Watershed in Indiana State [37]
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Figure 4. Spider plot representing the different nonpoint source pollutant loads after the final generation by multi-ob‐
jective GA [38]
Figure 5. Locations and types of optimized BMPs in the Wildcat Creek Watershed [38]
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Veith et al. [1] optimized BMP locations in a watershed of 1,014 ha located in the State of
Virginia. An approach using the universal soil loss equation (USLE) with a sediment delivery
ratio was used to estimate sediment loads, and GA was used to optimize BMP locations in the
study area. BMPs were, of course, optimized by pollution reduction and BMP implementation
costs. However, distinctive feature of the study was that the variance of crop production by
BMP implementations was considered by two additional criteria. One was that the preference
of feed production and nutrient management requirement was applied to the farms; the other
was that it avoided applying BMPs to a few farms.
In the study performed by Srivastava et al. [39], two BMP optimization processes were
compared which used design storm and continuous climate data with a model to estimate
pollutant loads. An Annualized Agricultural Nonpoint Source pollution model (AnnAGNPS)
[40] was used to estimate sediment, sediment nitrogen, dissolved nitrogen, sediment organic
carbon, and sediment phosphorus in a watershed of 725 ha located in Northumberland
County, Pennsylvania. The study area was comprised 47% cropland. Fifteen current crop
rotations were considered, two design storms (69.85 mm as 2 year return period storm event,
and 88.90 mm as 5 year return period storm event), and climate data for five years were used
for BMP optimizations, since the hypothesis of the study was that a BMP scheme with an
optimization process using accumulated pollutant loads from continuous simulation would
be more applicable than the process using pollutant loads from several critical (or extreme)
storms. Based on the results supporting the hypotheses, the authors suggested that long-term
pollutant loads from continuous simulations need to be considered in a BMP optimization
analyses.
A simple technique to optimize BMPs in a watershed was used by Park et al. [18]. They
optimized BMPs for a watershed of 129.1 km2, based on annual BMP implementation costs
computed by Equation 1. Sophisticated techniques (e.g., a genetic algorithm) are often used in
BMP optimization processes. The researchers, however, performed the optimization process
by a straightforward approach using BMP implementation costs for unit mass reduction (or
cost per 1 kg reduction of pollutant). The study had two applications with potential area for
BMPs. One was that it is possible to apply a filter strip of up to 100% of the agricultural area
(79 km2), the other was that it is possible to apply a filter strip on up to 10 km2 and reduce
tillage systems in up to 10 km2 of agricultural area. In the first application, pollutant reduction
met the requirement for application of 17 km2 filter strip at an estimated annual cost of $12,870.
In the alternate application, the estimated annual cost was $17,400, which resulted from $7,650
for 10 km2 of a filter strip in the agricultural area, $7,710 for 10 km2 of reduced tillage system
in the agricultural area, and $2,040 for 4 km2 of vegetative filter strip in the urban area. The
applications were to demonstrate the fact that BMP scenarios and implementation costs can
vary by watershed conditions.
In this section, several recent research studies optimizing BMPs were introduced. Optimization
techniques are complex but are used widely to solve problems; GAs, for example, have been
applied in BMP optimizations with various hydrologic models. On the other hand, BMP
optimizations have been performed by adopting a straightforward approach based on BMP
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implementation costs for unit mass reduction. Moreover, various hydrologic models were
used to predict pollutant loadings and the impact of BMPs on watersheds. Complexity in
optimization techniques or hydrology models was not crucial for BMP optimization processes.
However, it was found that BMP optimization processes typically required four components
regardless of which hydrology models and optimization techniques were selected. In other
words, the processes were composed of ‘selecting available BMPs for the watershed’, ‘gath‐
ering and computing annual BMP implementation costs’, ‘identifying optimization technique’,
and ‘selecting a model to estimate pollutant loads and the impact of BMPs’.
3. Summary and discussion
NPS pollution has caused water quality degradation in streams and rivers, therefore, various
research projects were concerned to perform NPS reduction. Research indicates that agricul‐
tural areas were typically major source of NPS in watersheds; therefore, there is a need to
perform BMP implementations. Models (or computer software) and sophisticated techniques
were often used to suggest optimized BMPs for watersheds. It can be stated that the BMP
optimization processes are typically composed of four components: selecting available BMPs
for the watershed (or site), gathering and computing annual BMP implementation costs,
identifying optimization technique, and selecting a model to estimate pollutant loads and the
impact of BMPs. The first two components are site-specific, since some BMPs have a limited
application in certain watersheds, and BMP costs vary by location. As the researchers men‐
tioned, BMPs optimized in other research studies cannot be selected and implemented
identically without consideration of regional characteristics. Pollutant behaviours can differ
by the locations of the source area in a watershed; thus, the locations of BMPs would be one
of the important factors to consider. To summarize, BMP optimization processes should
answer the following questions: ‘what BMPs need to be selected?’, ‘what size of BMP needs to
be applied?’, ‘where do BMPs need to be placed?’, and ‘how much does it cost to implement
BMPs?’. The process will be very complex and will require a lot of effort; an optimization
technique would therefore be required to examine varying BMP impacts, and this is why
optimization techniques are often employed. Although optimization techniques provide
convenience in BMP evaluations, recognizing limitations in hydrology models and optimiza‐
tion techniques is still required.
Acknowledgements
This research was supported by the Geo-Advanced Innovative Action (GAIA) Project (No.
RE201402074, Surface Soil Resources Inventory & Integration: SSORII Research Group) in
Republic of Korea.
Modelling of Best Management Practices in Agricultural Areas
http://dx.doi.org/10.5772/59990
181
Author details
Youn Shik Park1, Kyoung Jae Lim2*, Jae E. Yang3 and Ki-Sung Kim2
*Address all correspondence to: kjlim@kangwon.ac.kr
1 Dept. of Rural Construction Engineering, Kongju National University, Chungcheongnam-
do, South-Korea
2 Dept. of Regional Infrastructure Engineering, Kangwon National University, Kangwon-do,
South-Korea
3 Dept. of Biological Environment, Kangwon National University, Kangwon-do, South-Korea
References
[1] Veith TL, Wolfe ML, Heatwole D. Optimization procedure for cost effective BMP
placement at a watershed scale. Journal of the American Water Resources Associa‐
tion 2003; 39(6) 1331–1343.
[2] Rao NS, Easton ZM, Schneiderman EM, Zion MS, Lee DR, Steenhuis TS. Modeling
watershed-scale effectiveness of agricultural best management practices to reduce
phosphorus loading. Journal of Environmental Management 2009; 90 1385–1395.
[3] Allan JD. Stream Ecology, Structure and function of running waters: Springer Science
and Business Media; 1995.
[4] McMahon G, Harned DA. Effect of environmental setting on sediment, nitrogen, and
phosphorus concentrations in Albemarle-Pamlico Drainage Basin, North Carolina
and Virginia, USA. Environmental Management 1998; 22 887–903.
[5] Coulter CB, Kolka RK, Thompson JA. Water quality in agricultural, urban, and
mixed land use watersheds. Journal of the American Water Resources Association
2004; 1593–1601.
[6] Lee JW, Eom JS, Kim B, Jang WS, Ryu J, Kang H, Kim KS, Lim KJ. Water quality pre‐
diction at Mandae watershed using SWAT and water quality improvement with veg‐
etative filter strip. Journal of the Korean Society of Agricultural Engineers 2011; 53(1)
1–9.
[7] Ryu J, Kang H, Kim NW, Jang WS, Lee KW, Moon JP, Lee KS, Lim KJ. Analysis of
total nitrogen reduction efficiency with established riparian buffer system using
SWAT-REMM model in Bonggok watershed. Journal of Korean Society of Water
Quality 2010; 26(6) 910–918.
Agroecology182
[8] Lee JM, Ryu J, Kang H, Kang H, Kum D, Jang CH, Choi JD, Lim KJ. Evaluation of
SWAT flow and sediment and effects of soil erosion best management practices.
Journal of the Korean Society of Agricultural Engineers 2012; 53(1) 99–108.
[9] Kum D, Jang CH, Shin MH, Choi J, Kim B, Jeong GC, Won CH, Lim KJ. Determina‐
tion of model parameters of surface cover materials in evaluation of sediment reduc‐
tion and its effects at watershed scale using SWAT. Journal of Korean Society of
Water Quality 2012; 28(6) 923–932.
[10] Walter MF, Steenhuis TS, Haith DA. Nonpoint source pollution control by soil and
water conservation practices. Transaction of ASAE 1979; 22 834–840.
[11] Brannan KM, Mostaghimi S, McClellan PW, Inamdar S. Animal waste BMP impacts
on sediment and nutrient losses in runoff from the Owl Run watershed. Transactions
of the ASAE 2000; 43 (5) 1155–1166.
[12] Lee K, Isenhart TM, Schultz RC, Mickelson SK. Multispecies riparian buffers trap
sediment and nutrients during rainfall simulations. Journal of Environmental Quali‐
ty 2000; 29(4) 1200–1205.
[13] Kim YJ, Geohring LD, Jeon JH, Collick AS, Giri SK, Steenhuis TS. Evaluation of the
effectiveness of vegetative filter strips for phosphorus removal with use of a tracer.
Journal of Soil Water Conservation 2006; 61 (5) 293–303.
[14] Bishop PL, Hively WD, Stedinger JR, Rafferty MR, Lojpersberger JL, Bloomfield JA.
Multivariate analysis of paired watershed data to evaluate agricultural best manage‐
ment practice effects on stream water phosphorus. Journal of Environmental Quality
2005: 34 (3) 1087–1101.
[15] Srivastava P, Hamlett JM, Rovillard PD. Watershed optimization of agricultural best
management practices: continuous simulation versus design storms. Journal of the
American Water Resources Association 2003; 39(5) 1043–1054.
[16] Maringanti C, Chaubey I, Popp J. Development of a multiobjective optimization tool
for the selection and placement of best management practices for nonpoint source
pollution control. Water Resources Research 2009; 45 doi:10.1029/2008WR007094.
[17] Lee JG, Selvakumar A, Alvi K, Riverson J, Zhen JX, Shoemaker L, Lai F. A watershed-
scale design optimization model for stormwater best management practices. Envi‐
ronmental Modeling and Software 2012; 37 6–18.
[18] Park YS, Engel BA, Harbor J. A web-based model to estimate the impact of best man‐
agement practices. Water 2014; 6 455–471.
[19] Schneiderman EM, Steenhuis TS, Thongs DJ, Easton ZM, Zion MS, Mendoza GF,
Walter MT, Neal AC. Incorporating variable source area hydrology into curve num‐
ber based watershed loading functions. Hydrological Process 2007; 21(25) 3420–3430.
Modelling of Best Management Practices in Agricultural Areas
http://dx.doi.org/10.5772/59990
183
[20] Arnold JG, Srinivasan R, Muttiah RS, Williams JR. Large area hydrologic modeling
and assessment part I: model development. Journal of the American Water Resources
Association 1998; 34 73–89.
[21] Lam QD, Schmalz B, Fohrer N. The impact of agricultural best management practices
on water quality in a North German lowland catchment. Environmental Monitoring
and Assessment 2011; 183 351–379.
[22] Tetra Tech, Inc. User’s Guide Spreadsheet tool for the estimation of pollutant load
(STEPL) version 4.1.: Tetra Tech, Inc.; 2011.
[23] González-Estrada E, Rodriguez LC, Walen VK, Naab JB, Koo J, Jones JW, Herrero M,
Thornton PK. Carbon sequestration and farm income in West Africa: Identifying best
management practices for smallholder agricultural systems in northern Ghana. Eco‐
logical Economics 2008; 67 492–502.
[24] El-Hassanin AS, Labib TM, Gaber EI. Effect of vegetation cover and land slope on
runoff and soil losses from the watersheds of Burundi. Agriculture, Ecosystems and
Environment 1993; 43: 301–308.
[25] Degarmo EP, Sullivan WG, Bontadelli JA, Wicks EM. Engineering Economy: Prentice
Hall International Paperback Editions; 1997.
[26] Arabi M, Govindaraju RS, Hantush MM. Cost-effective allocation of watershed man‐
agement practices using a genetic algorithm. Water Resources Research 2006; 42
W10429 DOI: 10.1029/2006WR004931.
[27] Pertsova CC. Ecological Economics Research Trends: Nova Publishers; 2007
[28] Buckner ER. An evaluation of the use of vegetative filter strips on agricultural lands
in the Upper Wabash River Basin. PhD thesis. Purdue University; 2001.
[29] Kieser and Associates. Modeling of agricultural BMP scenarios in the Paw River Wa‐
tershed using the Soil and Water Assessment Tool (SWAT): Kieser and Associates;
2007.
[30] United States Environmental Protection Agency. National management measures to
control nonpoint source pollution from forestry: United States Environmental Protec‐
tion Agency; 2005.
[31] Great Lakes Environmental Center (GLEC). National level assessment of water quali‐
ty impairments related to forest roads and their prevention by best management
practices: Great Lakes Environmental Center; 2008.
[32] Wisconsin Department of Natural Resources. Alum treatments to control phospho‐
rus in lakes: Wisconsin Department of Natural Resources, Madison, Wisconsin; 2003.
[33] United States Environmental Protection Agency. Preliminary data summary of urban
storm water best management practices: United States Environmental Protection
Agency; 1999.
Agroecology184
[34] King D, Hagan P. Costs of stormwater management practices in Maryland Counties:
University of Maryland Center for Environmental Science; 2011.
[35] Gitau MW, Veith TL, Gburek WJ. Farm-level optimization of BMP placement for
cost-effective pollution reduction. Transactions of the ASAE 2004; 47(6) 1923–1931.
[36] Gitau MW. A quantitative assessment of BMP effectiveness for phosphorus pollution
control: The Town Brook Watershed. PhD thesis. University Park; 2003.
[37] Maringanti C, Chaubey I, Arabi M, Engel B. A multi-objective optimization tool for
the selection and placement of BMPs for pesticide control. Hydrology and Earth Sys‐
tem Sciences Discussions 2008; 5 1821–1862.
[38] Maringanti C, Chaubey I, Arabi M, Engel B. Application of a multi-objective optimi‐
zation method to provide least cost alternatives for NPS pollution control. Environ‐
mental Management 2011; 48 448–461.
[39] Srivastava P, Hamlett JM, Robillard PD. Watershed optimization of agricultural best
management practices: continuous simulation versus design storms. Journal of the
American Water Resources Association 2003; 1043–1054.
[40] National Sedimentation Laboratory. AnnAGNPS User Documentation: U.S. Depart‐
ment of Agriculture; 1998.
Modelling of Best Management Practices in Agricultural Areas
http://dx.doi.org/10.5772/59990
185

